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ABSTRACT. In this paper, we introduce the concepts of neutrosophic
rough sets and investigate some of its properties. Further, as the char-
acterisation of neutrosophic rough approximation operators, we introduce
various notions of cut sets of neutrosophic rough sets.
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1. INTRODUCTION

Rough set theory [10], is an extension of set theory for the study of intelligent
systems characterized by inexact, uncertain or insufficient information. Rough set
theory has found many interesting applications. The rough set approach seems to be
of fundamental importance to artificial intelligence and cognitive sciences, especially
in the areas of machine learning, knowledge acquisition, decision analysis, knowledge
discovery from databases, expert systems, inductive reasoning and pattern recogni-
tion [4, 11, 15]. The basic idea of rough set is based upon the approximation of sets
by a pair of sets known as the lower approximation and the upper approximation
of a set [7, 8]. Any subset of a universe can be characterized by two definable or
observable subsets called lower and upper approximations. Zadeh [19] introduced
the degree of membership/truth (t) in 1965 and defined the fuzzy set. Now fuzzy
sets are combined with rough sets in a fruitful way and defined by rough fuzzy sets
and fuzzy rough sets [1, 9, 14]. Atanassov [2] introduced the degree of nonmember-
ship/falsehood (f) and defined the intuitionistic fuzzy sets. One of the interesting
generalizations of the theory of fuzzy sets and intuitionistic fuzzy sets is the theory of
neutrosophic sets introduced by F. Smarandache Atanassov [12, 13] which deals with
the degree of indeterminacy/neutrality (i) as independent component. Neutrosophy
is a branch of philosophy that studies the origin, nature and scope of neutralities, as
well as their interactions with different ideational spectra. The idea of neutrosophy
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is applied in many fields in order to solve problems related to indeterminacy. Neutro-
sophic sets are described by three functions: Truth function, indeterminacy function
and false function that are independently related. The theories of neutrosophic set
have achieved great success in various areas such as medical diagnosis, database,
topology, image processing, and decision making problem [5, 6, 17, 18]. While the
neutrosophic set is a powerful tool to deal with indeterminate and inconsistent data
and the theory of rough sets is a powerful mathematical tool to deal with incom-
pleteness. Neutrosophic sets and rough sets are two different topics, none conflicts
the other. Recently many researchers had applied the notion of neutrosophic sets to
relations, group theory, ring theory, soft set theory and so on.

In this paper we combine the mathematical tools rough sets and neutrosophic
sets and introduce a new class of rough sets in neutrosophic approximation space.
First we review some basic notions related to rough sets and neutrosophic sets and
then we construct the neutrosophic rough approximation operators and introduce
neutrosophic rough sets and discuss some of their interesting properties.

2. PRELIMINARIES

Definition 2.1 ([12]). A neutrosophic set A on the universe of discourse X is de-
fined as A = {( z,Ta(x),Ia(x), Fa(z)),x € X} where T, F, I : X — [0,1] and
0< TA(LZJ) + IA(.Z’) + FA(I) <3.

Definition 2.2 ([ D If A = {{(z,Ta(x),1a(x),Fa(z)) /Jx € X} and B =
{{z,Tg(x),Ip(x), Fg(z)) /x € X} are any two neutrosophic sets of X, then
(i) AC B « Ta(z) < Tp(x); La(z) < Ip(z) and Fa(z) > Fp(z),
(i) A=B & Ta(x) =Tp(x); Ia(x) =Ip(x) and Fu(x) = Fp(x) Vo € X,
(i) ~ A= {{z, Fa(z),1 — Ia(2),Ta(z)) /x € X},
(iv) ANB = {(x,T(AﬂB)(x), I(AQB)(’JJ),F(AQB)(’I»/I € X},
where Tanp(x) = min{Ts(x),Ts(x)}, Ianp(z)=min{ls(z),Ig(z)},
Fann(z) = max{Fa(z), Fp(2)},
(v) AUB = {{z,Taup)(2), Iaup)(z),Flaup)(z))/z € X}
where Taup(x) = max{Ts(z), Tp(x)}, ITaup(z)=max{Is(z),Ip(z)},
Faup(z) = min{F4(z), Fp(x)}.

Definition 2.3 ([3]). Let R C U x U be a crisp binary relation on U.
(i) R is referred to as reflexive, if (z,2) € R, for all z € U.
(ii) R is referred to as symmetric, if for all (z,y) € U, (z,y) € R implies (y,z) € R.
(iii) R is referred to as transitive, if for all z,y,2z € U, (z,y) € R and (y,z) € R
implies (z,2) € R.

Definition 2.4 ([8]). Let U be a non empty universe of discourse and R C U x U,
an arbitrary crisp relation on U. Denote

tR={yeU/(z,y) € R},z €T,

where zR is called the R-after set of x [3] or successor neighbourhood of z with

respect to R [16]. The pair (U, R) is called a crisp approximation space. For any

A C U the upper and lower approximation of A with respect to (U, R) denoted by
450
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R(A) and R(A) are respectively defined as follows:
R(A)={xeU/zRNA#y}, R(A)={xeU/xRC A}.

The pair (R(A), R(A)) is referred to as crisp rough set of A with respect to (U, R) and
R, R: p(U) — p(U) are referred to upper and lower crisp approximation operator
respectively.

The crisp approximation operator satisfies the following properties for all A, B €

) R(A) =~ R(~ A), (U1) R(A) =~ E(~ A),
(L2) R(U) =1, (U2) R(p)=w, B
(Ls) R(ANB)=R(4)NR(B), (Us) R(ANB)=R(A) UR(B),
(Ls) AC B= R(A) C R(B), (U1) AC B=R(A)CR(B),
(Ls) R(AUB) 2 R(A)UR(B), (Us) R(ANB) C R(A) N R(B).

Properties (L;)and(U;) show that the approximation operators R and R are dual
to each other. Properties with the same number may be considered as a dual prop-
erties. If R is equivalence relation in U then the pair (U, R) is called a Pawlak
approximation space and (R(A), R(A)) is a Pawlak rough set, in such a case the
approximation operators have additional properties.

3. NEUTROSOPHIC ROUGH SETS

In this section, we introduce neutrosophic approximation space and neutrosophic
approximation operators induced from the same. Further we define a new type of
set called neutrosophic rough set and investigate some of its properties.

Definition 3.1. A constant neutrosophic set on U is defined as follows:

(@ B,7) = { (0, 8,7 )/ x € U},

where 0 < a,B,vy<land a+ 8+~ <3.
And we introduce a special neutrosophic set (neutrosophic singleton set) )1, for
y € U as follows:

_JLoaif e=y
r@={ o i 27y
0, 1 =
Tl(U (y)(I){ 1, z“; i#z )

1L if r=y
W0, if afy

0, of z=
Ly (2) = { ' y

Loif xz#y
_J 0, if z=y
H“”{l,ﬁ rty
1, if =y
Fl(U—(y»:{()7 if vy
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Definition 3.2. A neutrosophic relation on U is a neutrosophic set
R = {(z,y),Tr(z,y), Ir(z,y), Fr(z,y)/z,y € U}
and
Tr:UxU—[0,1]; Irg:UxU—[0,1]; Fr:UxU — [0,1]

satisfies 0 < Tg(z,y) + Ir(x,y) + Fr(z,y) < 3, for all (z,y) e U x U.
We denote the family of all neutrosophic relation on U by N(U x U).

Definition 3.3. Let U be a nonempty universe of discourse. For an arbitrary neu-
trosophic relation R over U x U the pair (U, R) is called neutrosophic approximation
space. For any A € N(U), we define the upper and lower approximations with
respect to (U, R), denoted by R(A) and R(A) respectively:

R(A) = {<xaT§(A)($)7[§(A)(x)vFﬁ(A) (2))/z € U},

R(A) = {{(x, Tr(a) (), Irca)(x), Frea(z))/x € U},

e Tray(x) = y\E/U[ Tr(z,y) NTa(y) |,
Iay () = y\E/U[ Ir(z,y) ANa(y) ],
Fra(@) = yé\U [ Fr(z,y)V Fa(y) |,
Trea)(z) = yé\U[ Fr(z,y) vV Ta(y) ],
Tr(ay(z) = yé\U[ (1= TIr(z,y)) V1ay) ],
Fra)(z) = y\e/U [ Tr(z,y) A Faly) ]

The pair. (R(A), R(A)) is called neutrosophic rough set of A with respect to (U, R)
and R, R: N({U) — N(U) are referred to as upper and lower neutrosophic rough
approximation operators respectively.

Remark 3.4. If R is an intuitionistic fuzzy relation on U and (U, R) is an intu-
itionistic fuzzy approximation space then neutrosophic rough operators are induced
from an intuitionistic fuzzy approximation space as follows:

R(A) = {{z, Tr4) (%), I a) (), Fay(2))/z € U} A€ N(U),
R(A) = {(z, Tr(a)(2), Ip(a) (), Frea)(z))/z € U} A€ N(U),

e TR () = y\e/U [ ur(z,y) ANTa(y) |,
Iga () = y\E/U[ 1= (pr(2,y) +vr(z,y) AN R(Y)],
Fray(r) = yé\U [Yr(z,9) V Fa(y) |,
Tr(a(z) = yé\U[ r(z,y) vV Ta(y) ],
Ipay(z) = yé\U[ (nr(x,y) +vr(2,9) V 1a(Y) |,
Freay(r) = y\e/U [ kr(z,y) A Fa(y) ]
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Remark 3.5. If R is a crisp binary relation on U and (U, R) is a crisp approxima-
tion space, then neutrosophic rough approximation operators are induced from crisp
approximation space, such that VA € N(U),

R(A) = {{&, T a) (%), Ig 4y (2), Freay(2)) /2 € U},
R(A) = {(x, TR(A)(iU)aI@(A)(ff),FE(A)@»/U e U},
where
TE(A)(@: Re TA(CU)JE(A)@): e\[/ Ia(y), FR(A)(x): e/[\] Fa(y),
Tray(x) = N Ta(y), Ircay(x) = e/[\] Ix(y), Frea(z) = 6\[/] Fa(y).

Theorem 3.6. Let (U, R) be a neutrosophic approzimation space. Then the lower

and upper neutrosophic rough approximation operators induced from (U, R) satisfy

the following properties. ¥ A,B € N(U) ,V a, 8,7 € [0,1] with a+ S+~ < 3.
FNL1)R(A) =~ R(~ A),

FNL2)R(AU (a, 8,7)) = R(A

FNL3 A) N R(

; (@, 8,7),
FNLA4)

)

)

R(ANB) = R(
AC B= R(A)
R(AUB)  R(
R1§R2:>R1(

e
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Proof. We only prove the properties of lower neutrosophic rough approximation
operator R(A). The upper rough neutrosophic approximation operator R(A) can be
proved similarly.
(FNL1) By Definition 3.3 , we have
~ A= {(&, Tu(2), La(2), Fua(2)/5 € U},
B~ A) = \ [ Ta(e9) AToa(y) ], V[ In(e) A Lua(y) ],

yel yeU
yé\U[ Fr(z,y) vV Fua(y) |
= y\E/U[ Tr(z,y) A Faly) ], y\E/U [ Tr(z,y) A (1 —1a(y)) ],
yé\U [Fr(z,y) vV Ta(y)],
~ (R(~ A)) = yé\U [Fr(z,y) vV Ta(y)], yé\U (1= Ir(z,y)) V La(y)],
y\e/U [Tr(z,y) A Fa(y) ]
= R(A).

(FNL2) It can be easily verified by definition of R(A).
(FNL3) R(AN B)

= {{z,Tr(anB) (%), Ir(anB) (¥), Freanp)(z)|z € U)}
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= {(z, é\ Tianm) (Y), /\ Ians) (), \/ Foanpy(y)|z € U)}
= {(z, é\( Ay )/\TB( )) A (La(y )/\IB( ) V (Fa(y)V Fr(y))|lz € U}

yeU yeU
{<(’ A ((){\TR 8) (%), Ir(a) () \ Ir(B) (%), Fra)(z) A Fr(B) ()| € U)}

(FNL4) It is straightforward. Similarly, we can prove the properties of the upper
rough neutrosophic approximation operators. O

Remark 3.7. The properties (FNL1) and (FNU1) shows that neutrosophic rough
approximation operators R and R are dual to each other and the properties (FNL2)
and (FNU2) imply, following properties (FNLQ)/ and (FNUQ)/.

(FNL2)" R({U)=U (FNU2) =R(p) = ¢.

Example 3.8. Let (U, R) be a neutrosophic approximation space where U = {x1, 22, 23}
and R € N(U x U) is defined as
R= {((1'17 3?1)0.87 0.7, 0.1> <($1, 56‘2), 0.2, 0.5, 04> <($1, 563)0.6, 0.5, 07>

(z2,71)0.4,0.6,0.3) ((x2,22)0.7,0.8,0.1) ((w,23)0.5,0.3,0.1)
{(x3,21)0.6,0.2,0.1) {(x3,22)0.7,0.8,0.1) ((x3,23)1,0.9,0.1)}.

If a neutrosophic set
A = {(21,0.8,0.9,0.1) (z2,0.5,0.4,0.3) (z3,0.5,0.4,0.7)},

we can calculate,
R(A) = {(x1,0.8,0.7,0.1) (z2,0.7,0.6,0.3) (23,0.6,0.4,0.1)},
R(A) = {(21,0.5,0.5,0.4) (22,0.5,0.4,0.3) (x3,0.5,0.5,0.7)},

the upper and lower approximations of A respectively.

Definition 3.9. Let A € N(U) and «, 8,7y € [0, 1] with o+ 8+~ < 3 and («, 5,7)
level set of A denoted by A@#Y) is defined as:

AP = {x e U/Ta(z) > o, I4(x) > B, Fa(z) < 7}

We define

Ao ={2 € U/Ta(z) > a} and Aqq = {z € U/Ta(x) > a}: the «a level cut and
strong « level cut of truth value function generated by A,

AB ={z € U/Ia(x) > B} and AP+ = {x € U/Ls(x) > B}: the (3 level cut and
strong [ level cut of indeterminacy function generated by A and

AY ={x € U/Fa(x) <~} and A" = {x € U/Fa(z) < v}: the v level cut and
strong v level cut of false value function generated by A.

Similarly, we can define the level cuts sets, such as

ACHBETT) = L0 € U/Ta(x) > a, I4(x) > B, Fa(x) < v} is (a+, B+,7+) ,

AlCHBY) = Lo € U/Ta(x) > a,I4(x) > B, Fa(x) < v} is (a+, B,7),

AlBEY) = Lo c U/Ta(z) > o, Ia(x) > B, Fa(z) < v} is (o, B+,7),

A@BA) — [z € UJTa(x) > a, Ia(2) > B, Fa(w) < 7} is (o, B,7+):
level cut set of A, respectively.

Like wise other level cuts can also be defined.
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Theorem 3.10. The level cut sets of neutrosophic sets satisfy the following

properties: ¥ A,B € N(U), a,8,7 € [0,1] with a + 8+ v < 3, 1,581,711 €
[0,1] with c; + B1 + 71 < 3 and az, Ba2,v2 € [0,1] with as + P2+ 72 < 3:
(1) A8 = A, NABN A,
(2) (~ Ao =~ A%F; (~ A)B =~ A(L = B+); (~ A)T =~ Aw&
® (n4) =N (na)s=nes (na) = nar
o i€J icJ icJ

iceJ icJ

0 () -y (ya)o-g (y4) - yoor
o (Ya) "2 gaeso
(@,8,7)
0 (pa) 2 puaes
(7) For ay > g, B1 > B2, 71 < V2,

Agy © Ay, Ay C ABp, AT C AT, Aleriron) € glonfae),

Proof. (1) and (3) follow directly from Definition 3.9.

(2) Since (~ A) = {(z, Fa(x),1 — I4(x),Ta(x))/x € U}. Then (~ A)y = {z €
U/F(x) > a}. Thus by definition, A*" = {z € U/Fa(z) < a} and ~ At = {z €
U/Fa(z) > a}. So (~ A)y =~ A>T,

Similarly we can prove (~ A)8 =~ A(1 — f+) and (~ A)7 =~ A,;.

4) N A= {(JE, N Ta,(z), N\ 1a,(z), \V Fa,(z))/x € U}. Then we have
icJ icJ icJ icJ

<iQJA¢)a = {z eU/ Z_é\Ji’}xi(x) > a} ={z € U/T4,(z) > a} = iQJ(A,-)a,
(Ejrzlilsrlﬂy’ {z eU/ ié\J Iy, (x) > ﬂ} = {x e U/l (z)>pBVieJ} = iDJ(Ai)ﬂ
a(r:(f:]JAi>'y _ {:c c U/iyJFAi(x) < ’Y} ={x e U/Fy,(x) <Vie J} = iQJ(Ai)'Y'
Thus
(04)" = (0 ).olge)s (Q/‘)
ZQJ(( A;)BN
=N (Ai)(aﬂry).
ieJ

(5) We can easily prove followings:
U ) ={(o Y T, V 1) A Pate)/z €U},
icJ icJ ieJ

icJ

(U Ai)a = {er/ V Ta,(2) Za}

ieJ icJ

z{er/\/TA( ) > a, HieJ}
i€J
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= U (Ai)aa

i€
(Ua)s={sev/V 10>}
icJ ieJ
={x e U/ly,(x) > B, VieJ}
i€J
¥
(Ua) ={ecw p e <o
icJ icJ
={x € U/Fy,(x) <~, Yie J}
= ,U](Ai)”
1€.
(6) For any = € A,, according to Definition 3.9 we have for T4 (z) > a1 > ag, we
obtain A,, C A,,. Similarly, for 81 > B2 and 1 < 72, we obtain A5 C APy and
A" C A7, Then we have Ale1:81.m) C Alezf272), O

Corollary 3.11. Assume that R is a neutrosophic relation in U,
Ro ={(z,y) € U xU/Tr(z,y) = a}, Ra(z) ={y € U/Tr(z,y) = a},
Ror ={(z,y) e U xU/Tgr(x,y) > a}, Ray(x) ={y € U/Tr(z,y) > a},
RB = {(z,y) €U x U/Ir(z,y) > B}, RB(z) = {y € U/Ir(z,y) > B},
RB+ = {(z,y) e U x U/Igr(x,y) > B}, RB+(x) ={y € U/Ir(x,y) > B},
RY ={(z,y) €U x U/Fg(x,y) <7}, R'(z) ={y € U/Fr(z,y) <7},
Rt ={(2,y) € U x U/Fgr(z,y) <7}, R (z) = {y € U/Fr(z,y) < a},
R(aﬁﬂ) = {(Ivy) eU x U/TR(x7y) > ale(may> > 57FR(x7y) < 7};
R(aﬁﬁ)(x) = {y € U/TR(xvy) > a,IR(xay) > BaFR(xay) < 7} .

Then for all Ry, Roy, RS, RB+, RY, R, R qre crisp relation in U and
(1) if R is reflexive, then the above level cuts are reflexive,
(2) If R is symmetric, then the above level cuts are symmetric,
(3) if R is transitive then the above level cuts are transitive.

Proof. (1) Suppose R is reflexive. Then V = € U,
Tr(z,z) =1, Ig(z,z)=1, Fgrlz,2)=0, V zeUl.

Now, we have R, is a crisp binary relation in U and x € U, (x,z) € R,. Then
R, is reflexive.

Suppose R is symmetric. Then V z,y € U, we have (z,y) € Ry = (y,z) € R,.
Thus R, is symmetry. Similarly, we can prove RS and R” are symmetric.

Suppose R is transitive. Then V z,y,z € U and a, 8,7 € [0, 1],

Tr(z,2) = Tr(x,y) ATr(y, 2),
Ig(z,2) > Ig(z,y) A 1g(y, 2),
Fr(z,z) < Fr(z,y) V Fr(y, 2).
Let (2,9) € Ra, (y,2) € R, (z',y') € RB, (y,2) € RB, (z",y") € R and

1" 1"

(y ,2 )€ RY. Then
TR(xay) > «, TR(y,Z) >a = TR(aij) >,
Tn(e',y) > 8, Irly,z) =28 =Ig(z,z)> B,
FR(J: Y )S,% FR(y I )S'Y :>FR(x , 2 )_'Y
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Thus R, R3, R" are transitive. So R(®#7) is transitive.
Similarly, we can prove other level cuts sets are transitive.

O

Theorem 3.12. Let (U, R) be a neutrosophic approzimation space and A € N(U),
then the upper neutrosophic approrimation operator can be represented as follows

VxeU,
(1) TE(A)(CU) =

[ ARy (Ax)(@)] = V [aARa(Aay)(@)]

a€l0,1]

= e\[{l] @A Far(4)@] =V [on T (0]
(2) Igay () = e\[{) ; [ A Ra(Acy) ()] = e\[{) ; [a A Ra(Aa+)(x)]
= [@ A Ra+(Aa)(z)] =  [aA Rat(Aat)(z)],
a€l0,1] a€l0,1]
®) Fan@) = A [ov B (4%) ()] = A [y R (44
= A [ovETUN@] = A [avE <A@+><x>}
agl0,1] agl0,1]
and more over for any o € [0, 1],7 B
(4) W(A)]a+ = Ra+(Aa+) - Ra(Aa) - [R(A)]a>
(5) [R(A)] a+ € Ra+(Aa+) C Ra(Aa) C [R(A)] a,
(6) [R(4)]"" C RF(A%F) C R (A%) C [R(4)]",
(7) W(A)]a-s- < EaJr(AoHr) < Ea(Aa) c E(A)]a,
(8) [R(A)] a+ € Ra+(Aa+) C Ra(Aa) C [R(A)] a,
(9) [R(A)]"" € RoF(A°F) S R(A°) < [R(4)]"
Proof. (1) For x € U, we have
[ ARo(An)(z)] = Sup{a€[0,1]/z € Ra(Aa)}
a€(0,1]
Sup{a € [0,1]/Ra(2) N Ao # ¢}
= Sup{a€l0,1]/Fy € U(y € Ra(2),y € Aa)}
= Sup{a€[0,1]/3y € UTr(x,y) > a,Ta(y) > o]}
= \/ [Tr(z,y) NTa(y)] = Tg(a)(2)
yeU
(2)
\/ [@ A Ra(Aa)(z)] = Sup{a€|0,1]/z € Ra(Aa)}
a€l0,1]

Sup {a € [0,1]/Ra(z) N Aa # ¢}
Sup{a € 10,1]/3y € U(y € Ra(z),y € Aa)}
Sup{a €0,1]/3y € Ullr(z,y) = o, Ia(y) = al}

\/ Ur(z,y) A La(y)] = Iga)(@).
yeU
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(3)
[a AR (1‘)} = inf{a€0,1]/R*(z)NA* £ ¢}

a€l0,1]
= inf{ac[0,1]/R%(z) N A" # o}
= inf{a€0,1]/3y € U(y € R*(z),y € A*)}
= inf{a€|0,1]/3y € U[Fr(z,y) < a,Fa(y) < a|}
= /\ [Fr(z,y)V Fa(y)] = Fﬁ(A)(x)'

yeU

Like wise, we can conclude

TE(A)(x): \/ [O‘/\Ra(Aa-&-)(x)}

aglo, 1]

us]
Q
+
N
\Q_/
N
Q
I
Q
=
i)
=
@]
2
o)
]
E.
<

and
Ra(Aq) € [R(A)]a.

Let z € [R(A)]axs, Tgay > o Then V [Tgr(z,y) ATa(y)] > . Thus 3 =
yeU

U such that Tr(z,y') A Tr(y’) > . So y € Ray(z) and y € A,y. Hence
R+ (z) N Asq # . From the definition of upper crisp approximation operator, we
have © € Ry (Aay). Therefore [R(A)]at C Ray (Aast)-
Next, to prove Ry(As) C [R(A)]a, let € Ry(Ay). Then R, (Ay)(z) = 1. If
3 B, then T 4 (z) = , \[é : [BA Rg(Ag)(x)] = aAR4(Aq)(z) = a. Thus we obtain
€10,

€ [R(A)]a Ra(Aq) C [R(A)]a-
( ) The proof is similar to (4). It is enough to prove

Ra+(Aa+) C Ra+(Aa) C Ra(Aa).
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(i) In order to show that [R(A)la+ C Ra+(Aa+), let z € [R(A)Ja+. Then

T4 (2) > o, e, \E/U [Ir(x,y) Ala(y)] > @. Thus 3 y € U such that Ig(z,y ) A
y

IA(y) > a, ie., Ig(z,y )a and I4(y )a. Soy € Ra+ (z) and y € Aa+, ie., y €
R(z) N Aa+. Hence Ra+ (x) N Aa+ # . By the definition of crisp approximation
operator, we have € Ra+(Aa+). Therefore [R(A)]a+ C Ra+(Aa+).

(ii) To prove that Ra(Aa) C [R(A)]a, let * € Ra(Aa). Then Ra(Aa)(z) = 1.
If there exists S, then Tg 4 (2) = , \[/ | [BARs(Ap)(z)] > a A Ra(Aa)(z) = a.

€[0,1

Thus we obtain z € [R(A)]a. So Ra(Aa) C [R(A)]a.

(6) Since the proof of (6) is similar to (4) and (5), we need to prove only

[R(A)]*" C ReH(A*T) and R¥(A%) C [R(A)]°.
Let z € [R(A)]**. Then Fp, () < a,ie., A [Fr(z,y)V Fa(y)) <aand3 y €U
yeU

such that Fg(z,y )V Fa(y') < a. Thus Fr(z,y') < a,Ta(y’) < a, ie., y € R*H(z)
and y € A®t. So R*t(x) N A" # ¢. Hence z € ReF(A*t) and [R(A)]*T C
R+ (AT,

Next for any = € W(AO‘) note R*(A%)(z) = 1. Then we have

Frn@= A [8vEA)@)] <avB(4%)@) = o
B€0,1]

Thus = € [R(A)]*. So R*(A%) C [R(A)]*.

The proofs of (7), (8), (9) can be obtained similar to (4), (5), (6). O

Theorem 3.13. Let (U, R) be neutrosophic approzimation space and A € N(U)
then Vx € U and for a € [0,

1],
(1) Tray(x) = e/[él][ V(1= B2(Any)(2))]
= E/[él][ozv(l *(Aa)(2))], e/[}n][a\/(lfR;‘*(Aw)(x))]
= e/{éll[av(l R (Aa) ()],

(2) Ip(a)(x)
= A |av(- R0 -a)(dat)@))]

a€gl0,1]
= A [av(-R1-a)Aa)@), A |av(l-R(1-a+)(da+)())]
ael0,1] a€el0,1]
= A oV (- R ah)da)@)],
®) Fal@) = Y [an (1= Faa")(o)]
= Y lena-Ra@L Vo [0 A (1 = Ray (4 ()]
=V [an(=Ray(A9@)]
a€l0,1]
(4) [ c [R(A)]a,
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0 3 D

RSO
R

-
Proof. (1) and (2). For any « € U, by the duality of upper and lower crisp approxi-
mation operators and in terms of Theorem, we have

Tr(ay(z) = e\[/0 1][a A Ra(Aa)(@)];

Igay(@) =V [oARa(Ad)(@)],
a€l0,1]

—~

and
Fray(z) = e/[é 1][04 V R*(Aq) ()],
Then
TE(NA) (x) = \/ [a A Ro(~ Ad)(z)]

«€l0,1]

=\ [@ARa(~ A")(2)]

a€l0,1]

=\ [@A (1= Ro(~ A (@),

a€l0,1]

Ineay(@) =\ ael0,1][a A Ra(~ Ao)(x)]
= ae\[{,u[a A Ra(~ Al — a+)(z)]
- ¥1][a A~ Ra(Al — a+)(x)]
/(- Ba(~ 41— a)(@)]
and o

Froa)(@) = /\ [V R (~ A%)(z)]

a€l0,1]

= /\ [V RY(~ Ant)(2)]

a€l0,1]

= A 0VeR (40 @)]

a€l0,1]
= /\ [a V (1 - E(N Aa-i-)(‘r))]
a€l0,1]

Thus by fixing R(A) =~ R(~ A), we conclude
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and

Likewise, we can prove

and

Tria) (@) = Trieay(@) = A [aV (1= Ra(~ A"T)(2))],

a€l0,1]

Igay (@) = Iz (@) = A [av (1= ERa(~ Al — at)(2)),

a€(0,1]

Fron(@) = Fron(@) = VoA (1= B~ Aay)(@))]:

Trea)(z)

Ipa)(x)

Fpa)(x)

ael0,1]

= T (@)
= /\ [V (1= Ry(~ A%)(x))]
a€l0,1]
= T (@)
= A [@V(1—Rap(~A"")(2))]
a€l0,1]
= TR (z)
= A laV (1= Ray(~A%)(2))],
a€l0,1]
= Iga (x)
= A [@V(1-Ra(~ Al —a)(z))
a€l0,1]
= Iz (@)
= A laV(l-Rat(~ Al —a+)(z))
a€l0,1]
= Iz (@)
= A eV (- Rat(~ Al - a)(z)),
a€l0,1]
Fron@ = \/ [an(1—EB(~ Ay)())]
a€l0,1]
Fr(a)(@)
[ A (1= B (~ Aoy )(2)]
a€l0,1]
FE(NA) ()
\ oA (1 =R (~ Ag)(@))].
a€l0,1]

It is easy to prove that R*A,; C R*TA,, C R*T A,.
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Now we tend to prove that [R(A)],, € R*A.y and R**A, C [R(A)],. For any
x € R*Ayy , we have Tr(A)(z) > . Then we have A [ Fr(z,y)VTa(y) ] > a.
yeU
Thus [ Fr(z,y) VTa(y) ] > «, for any y € U, i.e., if Fr(z,y) < a, then T4(y) > a.
Alternatively, for any yeU, if yeR*®(z), then yeA,,. Thus, R*(x) C A,.. By
the definition of lower approximation operator, we have xeR*(A,+). So we conclude
[R(A)],. € R*Aqsy. Also, for any zeR**(A,) , we have R*T (A, = 1. Hence

Ta(x) = N\ [0 VR (A,) (@)
o’ €[0,1]

=\ [ ARTE(AL) ()]
a’€[0,1]
= >aAR"(A)(2) = a.

Therefore ze [R(A)], and R*T A, C [R(A)],
Similarly, we can prove (5) and (6) and hence (7), (8) and (9) can be concluded.
0
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