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ABSTRACT. Theories of fuzzy sets and rough sets are powerful mathe-
matical tools for modeling various types of uncertainty. Dubois and Prade
investigated the problem of combining fuzzy sets with rough sets. In this
paper we define the notion of rough interval-valued intuitionistic fuzzy sets.
The lower and upper approximations of interval-valued intuitionistic fuzzy
sets with respect to Pawlak’s approximation space are first defined. Prop-
erties of interval-valued intuitionistic fuzzy approximation operators are
examined.
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1. INTRODUCTION

Hybrid models combining fuzzy sets with rough sets have arisen in various guises
in different settings. Based on an equivalence relation Dubois and Prade [4] intro-
duced the lower and upper approximations of fuzzy sets in a pawlak’s approximation
space to obtain an extended notion called rough fuzzy sets in 1990. Interval-valued
intuitionistic fuzzy set was introduced by Atanassov and Gargov [2] in 1989. It is
characterized by an interval-valued membership degree and an interval-valued non-
membership degree. The theory of rough sets, proposed by Pawlak [7] in 1982 is a
new mathematical tool for the data reasoning.

Based on a Pawlak’s approximation space, the approximation of interval-valued
intuitionistic fuzzy set is proposed by us to obtain a hybrid model called rough
interval-valued intuitionistic fuzzy sets.

While trying to combine rough set theory and interval-valued intuitionistic fuzzy
set theory we find our self at a complicated cross rounds with an abundance of
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possible ways to proceed. The aim of this paper is to provide the reader with a road
mabp.

In section 3, we introduce the notion of Rough interval-valued intuitionistic fuzzy
sets (RIVIFS) along with their properties. In theorem 3.10, it is seen that (3), (4),
(5) and (6) are not true in general. Some examples are given in support of the
answer.

2. PRELIMINARIES

In this section we recall some basic notions relevant to fuzzy sets, intuitionistic
fuzzy sets, interval-valued fuzzy sets, interval-valued intuitionistic fuzzy sets and
rough sets.

Definition 2.1 ([9]). Let X be a non empty set. Then a fuzzy set (F'S in short) A is
a set having the form A = {(z, ua(x)) : x € X}, where the function pa : X — [0, 1]
is called the membership function and p4(x) is called the degree of membership of
each element z € X.

Definition 2.2 ([7]). Let U be a universe of discourse and R be an equivalence
relation on U. The pair (U, R) is called Pawlak approximation space. R will generate
a partition U/R = {[z]g : ® € U} on U, where [z]|g is the equivalence class with
respect to R containing x. For each X C U, the lower approximation R(X) and
upper approximation R(X) of X with respect to (U, R) are defined as R(X) = {x €
U:zlg C X} and R(X) = {z € U : [x]r N X # ¢} is called definable in (U, R) if
R(A) = R(A), otherwise X is called a rough set.

Definition 2.3 ([1]). Let (U, R) be a Pawlak approximation space and A = {(z, pa(x) :
x € X} be a fuzzy set. The lower and upper rough approximations of A in (U, R)
are denoted by R(A) and R(A) respectively which are fuzzy subsets of U defined by
R(A) = {(z, Mpa(y) : y € [eln}) : @ € U} and B(A) = {(2,V{ualy) : y € [a]n}) :

x € U} Vo € U. The operators R and R are called the lower and upper rough ap-
proximation operators on fuzzy sets. A is called definable in (U, R) if R(A) = R(A),
otherwise A is called a rough fuzzy set.

Definition 2.4 ([5]). An interval-valued fuzzy set A over X is given by a function
pa(z) where py : X — Int[0,1], the set of all sub-intervals of the unit interval i.e.
for every z € X, pa(x) is an interval within [0,1].

Definition 2.5 ([1]). Let X be a non empty set. An intuitionistic fuzzy set (IF'S in
short) A in X is an object having the form A = {(x, pa(x),va(x)) : € X}, where
the functions p4 : X — [0,1] and v4 : X — [0, 1] denote the degree of membership
(namely p4(x)) and the degree of non-membership (namely y4(z)) of each element
x € X to the set A respectively and 0 < pg(x) +va(z) <1 for each = € X.

Definition 2.6 ([3]). Let (U, R) be a Pawlak approximation space and A = {(z, pa(x),

va(z)) : © € X} be an intuitionistic fuzzy set. The lower and upper rough approxi-

mations of A in (U, R) are denoted by R(A) and R(A) respectively which are intu-

itionistic fuzzy subsets of U defined by R(A) = {(x, AN{ua(y) : y € [z]r}, V{va(y) :

y € [z]r}) : @ € U} and R(A) = {(z,V{pa(y) : y € [z]r}, M{yaly) : y € [z]r}) :

x € U} Vo € U. The operators R and R are called the lower and upper rough
112
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approximation operators on intuitionistic fuzzy sets. A is called definable in (U, R)
if R(A) = R(A), otherwise A is called a rough intuitionistic fuzzy set.

Remark 2.7 ([0]). If A is an intuitionistic fuzzy set such that p4(z) +va(X) =1
for all x € U then it is easy to observe that (R(A), R(A)) is a rough fuzzy set.

Definition 2.8 ([2]). An interval-valued intuitionistic fuzzy set (IVIFS in short)
A over a universe set X is defined as the object of the form A = {(x, pa(z),va(x)) :
x € X}, where g : X — Int[0,1] and v4 : X — Int[0,1] (where Int[0,1] is the
set of all closed intervals of [0,1]) are functions such that the condition: Vo € X
0 < suppa(x) + supya(z) <1 is satisfied.

Definition 2.9 ([2, 3]). Let A= {(x,pa(z),va(x)): 2z € X} and B = {(z, pp(z),
vB(2)) : * € X }be two interval-valued intuitionistic fuzzy sets then
o AC Biffinfua(x) < infup(x), suppa(x) < supup(x) and infya(z) >
infyp(z), supya(z) > supyp(z).
e The union of A and B is denoted by AU B where
AUB = {<$, [v{ianA($)7 an,LLB(x)}a \/{suppA(ac), Sup,u'B(x)}]a
[(Ninfya(z),infye(@)} AMsupya(z), supyp(2)}]) : 2 € X}.
e The intersection of A and B is denoted by A N B where
AN B = {(z, [Minfua(z),infpp(e)}, Nsuppa(z), suppp ()},
(V{in fra(@), infrs(@)}, Visupya (), supvs(@)}) : = € X},
The complement of A is denoted by A€ where A = {(x,va(z), pa(z)) : z € X}.
04 = {(z, pa(z), [infya(z),1 — suppa(z)]) 1z € X}.
OA ={(z, [infpa(x),1 — supya(z)],va(x)) : v € X}.

A+ B = {(zlinfua(x) + infup(x) — infpa(x) - infup(x), suppa(z) +
s (2) = o) o), (07 74(0) 9 29(0). 50 (0) 50 2
X}

o A-B={(z,[infua(z) infup(x), suppa(r) supup ()], [infya(z)+infyp(z)—

infya(x) - infyp (@), supya(r) + supyp(z) — supya(z) - supyp(v)]) : @ € X}.
o AGDB = {(z, [mqu(x);rmfuB(r)’ SupuA(ﬂﬁ);rsuzw}s(av)]7 [mfm(m);mf’ys (1’)7

+
suva(x)zsuMB(x)]) ‘re X}.

o A$B = {(x,[\/infua(x) infup(x), /suppa(z) - suppp(z)],

[?/)mfmgx)) : inva((m)), \/su(p)m(x) : SUZZV)B(JJ)])(: ve X}

_ 2anfua(z)infup(z) 2-supua(zx) supup(x 2-infya(x)-infyp(x

o A#B={(z,] infpa(z)+infup(z) supuA(I)+SuPHB(12') L i"{"Y)A(ﬂf)‘*‘”(‘f)WB(g”) ’
-supya(x)-supyp(x .
sup'yA?z)+sup’y§(m) ]) HEARS X}

The unit and null interval-valued intuitionistic fuzzy sets are defined by I =

{(z,[1,1],]0,0)]) : . € X}, ¢ = {(«,[0,0],[1,1]) : z € X }.

3. ROUGH INTERVAL-VALUED INTUITIONISTIC FUZZY SET

In this section we introduce the lower and upper rough approximation of an
interval-valued intuitionistic fuzzy sets and study their basic properties.

Definition 3.1. Let (U, R) be a Pawlak approximation space and A = {(x, pa(z),

va(z)) : * € U} be an interval-valued intuitionistic fuzzy set. The lower and

upper rough approximations of A in (U, R) are denoted by R(A) and R(A) re-

spectively which are interval-valued intuitionistic fuzzy subsets of U defined by
113
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R(A) = {(z [/\{meA( )ty € [z]r}, Msuppa(y) =y € [z]r}], [V{infyaly) 1 y €

[CE]R}a\/{SUP’YA( )ty € [z]r}]) : x € U} and R(A) = {(z,[V{infualy) : y €
[w]Rg}V{suz)uA(y) y € [z]r}], IMinfya(y) : y € [2]r}, Msupya(y) = y € [z]r}]) :
x €

Now it is easy to show that

(Minfra(y) + y € [z]r}, Msuppa(y) : y € [z]r}] € [0,1] and [V{infya(y) : y €
Lﬁ]R}v\/{SUP’YA(y) ty € [z]r}] € [0,1]

suppa(y) + supya(y) <1

= suppa(y) <1—supyaly)

= Msuppa(y) -y € [z]r} < M1 —supya(y) : y € [2]r}
= Msuppa(y) -y € [e]r} < 1= V{supya(y) : y € [2]r}
= Msuppa(y) -y € [z]r} + V{supya(y) : y € [z]r} <1

.. R(A) is an interval-valued intuitionistic fuzzy set. Similarly we can show that
R(A) is an interval-valued intuitionistic fuzzy set.

If R(A) = R(A) then A is called definable, otherwise A is called a rough interval-
valued intuitionistic fuzzy set (RIVIF'S in short). The rough interval-valued in-
tuitionistic fuzzy set R(A) is given by the pair R(A) = (R(A), R(A)) or simply
A= (4, 4).

Example 3.2. Let U = {1,2,3,4,5} and R be an equivalence relation defined by

Ry iff (x +y) is divisible by 2.

S R={(1,1),(2,2),(3,3),(4,4), (5,5),(6,6),(1,3),(3,1),(1,5), (5,1),(3,5), (5,3), (2,

4),(4,2),(2,6),(6,2), (4,6), (6,4)}

[1r =A{1,3,5} = [3]r = [5]r, [2]r = {2,4,6} = [4]r = [6]r-

Let A={(1,[.2,.3],[.3,.4]), (2,[.3,.7],[.2,.3]), (3,[.1, .4],[.2, .5]), (4, .5, .6], [.1, .3]),

(5,[4,.5],].2,.4])} then

R(A) ={(1,[.1,.3],[.3,.5]), (2,[.3, .6],[.2,.3]), (3, [.1,.3],[.3,.5]), (4, [.3, .6], ].2, .3]),

(,[.1,.3],[.3,.5])}

é‘{;( U )= ]{([ [ ])}] ,[-2,.4]), (2,[.5,.7],[.1,.3]), (3,[ 4, .5],[-2, .4]), (4, [.5,.7],[.1, .3]),
Here R(A ) # R(A), therefore A is a rough interval-valued intuitionistic fuzzy

set.

Definition 3.3. Let R(A) = (R(A), R(A)) and R(B) = (R(B), R(B)) be two rough

interval-valued intuitionistic fuzzy sets of the interval-valued intuitionistic fuzzy sets

A and B respectively. Let us denote R(A), R(A), R(B) and R(B) by

R(A) = {(@. jip ) (@) 1m0 () © @ € U, R(A) = {(@, i) (@), v @) @ €

U}, R(B) = {(z, ur(p) (%), vr(B) (%)) : & € U} and R(B) = {(x, upp) (), 7R(p) (%)) :

xeU}.

Then the following relations, operations and operators are valid

L~ R(A) = ((R(A)), (B(A)))
where (R(A))° and (R(A))¢ are the complements of the interval-valued intuitionistic
fuzzy sets R(A) and R(A) respectively. ~ R(A) is called the rough complement of
R(A).

2" DOR(A) = (OR(A), TR(A)).

3. OR(A) = (OR(A),OR(A)).

ﬁ\l
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Example 3.4. Let us consider example 3.2. Let us consider another RIVIFS
B={(1,[4,.5],[.1,.3]),(2,[.4,.8],[.1,.2]),(3,[.1,.5],[.2, .3]), (4, [.5,.7], .1, .2]),
(5,[.4,.7],].1,.3])} then

R(B) ={(1,[.1,.5],[.2,.3]), (2, [4,.7],[.1,.2]), 3, [.1, 5], [.2,.3]), (4, [4,.7], [.1, .2]),
(5,[.1,.5],[2,.3])}

R(B) ={(1,[4,.7,[1,.3), (2,[.5,.8],[.1,.2]), (3, [ 4, .7],[.1, .3]), (4, .5, .8], [.1, .2]),
(5,[4,.7,[.1,.3])}.

Tet ~ R(A) = ((B(A))%, (R(A))°) then

5R(A))c ={(1,[.2,.4],[4,.5]),(2,[.1,.3],[.5,.7]), (3, .2, .4], [ -4, .5]), (4,[.1, .3],[.5,.7]),

( 2

( }

E5E(A))C =1{(, [.?;, 51, [1,.3]), (2, 12,-3], [-3,.6]), (3, .3, 5], [.1,.3]), (4, .2, .3], [.3, .6]),
(

Let OR(A) = (OR(A),0R(A)) then
OR(A) = {(1,[.1,.3],[.3,.7]), (2,[.3, .6, .2, .4]), (3, [-1, .3], .3, .7)), (4,[.3, 6], [.2, .4]),
(5,[.1,.3],[:3,.7))}
OR(A) = {(1, [4)1, 5], [.2,.5)),(2,[.5,.7], .1, .3]), (3, [ 4, .5],[.2, .5]), (4,[.5,.7], .1, .3])
)

C R(B), now we have to show R(A) C R(B) and R(A) C R(B) which
xample.
pi%MMUwammuRw»mm
4,70, 1.1,.2]), (3, [.1, 5], [.2,.3]), (4, [.4, 7],

3
A4,.7),1.1,.3]), (2,5, 8], [.1,-2]), (3, [4, .7, [.1, .3]), (4, .5, .8],

=
=B
o
17

=3
=+
=N
17}

NR(B), R(A) N R(B)) then
2,.3]),(3,[.1,.3],[.3, .5]), (4, [.3, .6],

(1,14, 5, [.2,.4)), (2,[.5,.7],[.1,.3]), (3, .4, .5], .2, .4]), (4, [.5,.7],
(Em+ﬁwymm+ﬁw»mm

(1,[.19,.65], [.06, .15]), (2, [.58, .88], [.02,.06]), (3, [.19, .65], [.06, .15]),
115
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(4,[.58,.88], [.02,.06]), (5, [.19, .65], [.06, .15])}
R(A)LR(B) = {(1, .64, .85], [.02, .12]). (2, .75, .94], [01,.06]), (3, [.64, .85, [.02, .12]),
(4, [.75,.94], [.01,.06] ), (5, .64, .85], [.02, 12]&
Let R(A) - R(B) = (R(A) - R(B), R(A) - R(B)) then
R(A) - R(B) = {(1,[.01, .15], [.44, .65)), (2, [.12, .42], [.28, .44]), (3, [.01, .15], [.44, .65]),
(4,].12,.42], .28, .44]), (5, [.01, .15], [ .44, 65])}
R(A) - R(B) = {(1,[.16,.35],[.28, .58]), (2, [.
(4,[.25,.56], .19, .44]), (5, .16, .35], [.28, 58])L
Let R(A)QR(B) = (R(A)QR(B), R(A)QR(B)) then
R(A)QR(B) = é( [1, f] ,[.25,.4]), (2,1.35, .65], .15, .25]), (3, [.1, .4], [.25, .4]), (4,

25,.56], .19, .44]), (3, [.16, .35], [.28, .58]),

1,
135, 63], .15, 23]), (5, [ 1, 4], [ 25, 4])}
R(A)QR(B) = {(1,[4, .6],[.15,.35)), (2,[.5,.75], [.1,.25]), (3, [ .4, .6], [.15, .35])
(4,.5,.75],[.1,.25]), 5,[4 6] .15, 35])}

Let R(A)$R(B) = (R(A)SE(B), R(A)SR(B)) then
R(A)SR(B) = {(1,[.1,.39], .24, .39)), (2,[.35, .65], [.14, .24]), (3, [.1,.39], [.24, .39]),
(4,.35,.65], [.14,.24]), (5,[.1,.39], [.24, 39])}

R(A)SR(B) = {(1,[4,.59],[.14,.35]), (2, [.5,.75], [.1, .24]), (3, [.4, .59], [. 14, .35]),
(4,1.5,.75], [.1,.24]), (5, [.4, .59], [.14, 35])}.

Let R(A)#R(B) = (R(A)#R(B), R(A)#R(B)) then
R(A)#R(B) = {(1,[.1,.38],[.24, .38]), (2, .34, .65], [.13, .24]), (3, .1, .38], [.24, .38]),
(4,.34,.65],[.13,.24]), (5, .1, .38], [.24, 38])}

R(A)#R(B) = {(1,[4,.58],[.13,.34]), (2, [.5,.75], [.1,.24]), (3, [4, .58], [.13, .34]),
(4,1.5,.75],[.1,.24]), (5,4, .58], [.13,.34]) }.

Theorem 3.5. Let A, B and C are three interval-valued intuitionistic fuzzy sets in
(X,U) then

1. R(A) C ACR(A).

2. R(AUB) = R(A)UR(B).

5. R(ANB)=R(A) N R(B).

4. R(ANB) C R(A)NR(B).

5. R(AUB) 2 R(A)UR(B).

6. R(A%) = (R(A))".

7. R(A%) = (R(A))°.

8. RR(A)=RR(A) = R(A).

9. RR(A) = RR(A) = R(A).

10. R(I)=1=R(I) R(¢)=1=R(9)
Proof. Straight forward. 3.5. d

From 6 and 7 of theorem 3.5, we can say rough complement of a rough interval-
valued intuitionistic fuzzy set is the rough interval-valued intuitionistic fuzzy set of
its complement.

ie. ~ R(A) = R(A°).

Theorem 3.6. If R(A) = (R(A),R(4)), R(B) = (R(B),R(B)) and R(C) =
(R(C), R(C)) are three rough interval-valued intuitionistic fuzzy sets of interval-
valued intuitionistic fuzzy sets A,B and C in (X,U) respectively then
1. ~(~R(A))=R(A).
116
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We have infua(z) < infup(x), suppa(x) < suppp(x), infya(z) = infyp(z) and

supya(x) > supyp(x)

y € [z]r}], [V{infys(y)

(R(B), R(B))
{(@, [Minfraly) - y € [z]r}, Msuppa(y) - y € [z]r}], [V{infya(y) :

cx € X} and B = {(z,up(z),v5(x))
117

:y € [z]r}, Msupus(y)

C R(B).

(4), R(A)), R(B)

(A)
Proof. Let A = {(z, pa(x),va(x))

R

(

)

) =

(4)

{(z, [Minfus(y)

y € [z]r}, V{supya(y) : y € [2]r}]) : 2 € U}

9. Similar to 8. 3.6.

(B)

Theorem 3.7. If A and B be two interval valued-intuitionistic fuzzy sets suct that

A C B then R
Let R(A
where R

R
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[z]r}, V{supyB(y) : y € [2]r}]) : w € U}
Now infua(z) < mfuB(w)
= Minfua(y) 1y € [z]r} < Minfus(y) : y € [z]r}
and suppa(z) < SUp,UB( )
= Msuppa(y) :y € [z]r} < Msupus(y) : y € [2]r}
Similarly, V{infya(y) : y € [z]r} = V{infyp(y) : y € [z]r}
and V{supya(y) : y € [z]r} < V{supyp(y) : y € [2]r}
. R(A) € R(B)
Similarly it can be shown that R(A) C R(A)
. R(A) C R(B) 3.7, O

Theorem 3.8. For cvery rough interval-valued intuitionistic fuzzy set R(A) =
(R(A), R(A))

~ (O~ R(4))) = OR(A)

~ (0(~ R(A))) = OR(A)

OOR(A) =0OR(A)

OOR(A) = OR()

OOR(A) = OR(A)

OUR(A) =0R(A)

Proof. 1.~ (O(~ R(A ))) (D((R(?))“,(R(A))C))

S G Lo~

2. Similar to 1.

3. OOR(A) = O(OR(A),OR(A))
—(ODR(A), OOR(A))
—(OR(A), OR(4))
=0R(A)

4. Similar to 3.

5. OOR(A) =0(0R(A), ORLA))
=(00R(A4),00R(A))
=(0R(A4),0R(A))
=0R(A)

6. Similar to 5. 3.8. O

Theorem 3.9. For any two rough interval-valued intuitionistic fuzzy sets R(A) =
(E(A) R(A)) and R(B) = (R(B), R(B))
A)UR(B)) = DR(A) UOR(B)
A)NR(B)) = OR(A) NOR(B)
)UR(B)) = OR(A) UQR(B)
)N R(B)) = OR(A) N OR(B).

Pmof, 1. OR(A)UR(B)) =0(R(A ) (

D(R(
O(R(
O(R(A
O(R(A
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=0R(A) UOR(B)
2-4. Similar to 1. 3.9. O

Theorem 3.10. For any two rough interval-valued intuitionistic fuzzy sets R(A) =
(B(A),R(A)) and R(B) = (R(B%R(B))

1. O(R(A)QR(B)) = OR(A)QUR(B)

2. O(R(A)QR(B)) = OR(A)QOR(B)

5. O(R(A)SR(B)) = OR(A)SUR(B)  provided suppip(a)(z) = suppip(p) ()
and suppg A)(x) =5 pNR(B (2)

4. O(R(A)$R(B)) = OR(A)$OR(B) provided supuR(A)(x) suppr(B)(T)
and SUPHR (A (JC) UPHR(B) (z)

5. O(R(A)#R(B)) = OR(A)#OR(B)  provided supppa) (x)_— suppr(B)(
and SUPHTR (A (l‘) = SUPHR(B) (2)
6. O(R(AVAR(B)) = OR(AY£OR(B)  provided supjugay(x) = suptigs) (z)
and supjig (%) = suppg g (x)
Proof. 1. O(R(A)QR(B)) = O(R(A)QR(B), R(A)QR(B))

 =(0(B(A)QR(B)),0(R(A)QR(B)))
D(E(A)@E(B)) — D{(J?, [Z”fNQ(A)(I)ﬁL”lfNE(B)(I) ) SUPHE(A)(I)+SUPHE(B)($)]

2 2
infyrca) () +infyrs)(x) SuP’YR(A)(CE)+SuP’YR(B)(w)]) ‘re X}

x)

)

2 2
{( [l7lfMR(A)(l)+1foMR(B)(»L) 6UPMR(A)(1)+SUPMR(B)(J3)]

[“Lf’YR(A)(x)+7nf"/R(B)(55) 1— QUPHR(A)($)+9upHR(B)7(w)]> = X}
OR(A)GOR(B) = (OR(A), OR(A)@(OR(B), OR(B))
—(OR(A)QOR(A)), (OR(B)aUR(B))
Now OR(A) = {(z, paay (@), [inf e (@), 1 — suppiz A><z>]] .z € X}

)
UR(B) = {(z, ur(m) (), [infyrs)(x),1 — suppprp)(z)]) : v € X}
DE(A)@DE(B) _ {(3;‘, [1anR(A)($)+anHR(B)(E) SUPHR(A)("L’)QSUPHR(B)(I)L
[7fnf’YR(A)($)+7fnf’YR(B)(I) 1—suppp(a)(z)+1— Supums)(w)]) ‘re X}

2 2
{( [meR(A)(I)H"fMR(B)(I) SUPMR(A>(90)+SUPHR(B)($)]

)

[”Lf’YR(A)(»L)-‘rmf’YR(B)(»L) 1_ éuPHR(A)(»L)+6MPMR(B)(»L)]> IEX}
- O(R(A)QR(B)) = UR(A)QUE(B)
Similarly we can prove that O(R(A)QR(B)) = OR(A)QOR(B)
Consequently O(R(A)QR(B)) = OR(A)QOR(B)
2. Similar to 1.
3. Let suppp(a)(z) = suppupr(p)(z) and suppg 4 (z) = suppg g (2)
O(R(A)SR(B)) = (E(A) ( ), R(A)$R(B))
=(O(B(A)SE(B)), D(R(A)SR(B)))

(R
(z) - meR(B) ), v/ suppgay (@) - suppr(s)(r)],
) -

O(R(A)SR(B)) = O{(, [/infura)
\/mfm(A)(x infyr(s) \/wm@ 4)(x) - supygr(p)(r)]) :
x € X}
={(z,[\/infrpra (@) - infurp) (@), /suppra) (@) - suppgs) ()],
X} [infyra) (@) - infyrs) (@ 1 Vsupppay () - suppgrp)(x)]) :
T €

={(z, [\/infura) (@) - infurs) (), /suppra) (@) - supprs) (T)],
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\/meR A () - inf'VR(B)( x),1 = supppa)(z)]) : x € X}
OR(A)$OR(B) = (OR(A),0R(A))$(CR(B),00R(B))
=(0R(A)$UR(A),T (B)$DR( )
Now DR( ) (z, ppeay(z ) [infyrea) (), 1 — supppray(z)]) : © € X}
OR(B) {(x NR(B)( infyrs (z),1 —SUPMR(B)( z)]) € X}
UR(A)SCR(B) [\/mfuR(A z) - infurs) (@), /suppgra) (@) - suppgs) ()],
\/an’YE(A () - infyrs) (@), \/(1—8uz9ug(,4>( ) - (1= suppps) (2))]) : ¢ €

X}

={(z, [/infrpa(z) - Z”fuR(B) )s V/Suppig(a) (@) - suppp ) ()],
[V/infyr( A) ) - infypp)(r), 1 — supppa)(x)]) 1 € X}
O(R(A)SE(B)) = OR(A)SOR(B) _
Similarly we can prove that O(R(A )$R( )) =0OR(A)SOR(B)
Consequently O(R(A)$R(B)) =OR(A)$UR(B)
4. Similar to 3.
5. Let suppp(a(x

O(R(A)#R(B)) =

) = suppp(p)(z) and suppig 4 () = suppiz g (2)
E(A) ( ), R(A)#R(B))
R(A)#R(B)), D(R(A)#R(B)))

[

2-infurca)y (@) infure)(x) 2-supugra) () SuPMR(B)(I)]
lanR(A)(l)+Z7LfHR(B)((-L))’ éumm(m(»b()-;-éupuR(B)(l;
2-infyra)(@)-infyrp)(z) 2:supyr(a)(z) supyrs) (=
[mf’@(A)(w)erf"@(B)(fﬂ) > supYr(a) (€)+supyr(s)(z) ]) rTE X}
—{( [2~inf/@<A)(w)~infﬂg<s)(z) 2'5“pP‘E(A)(I)'S“p/‘E(B)(I)]
- PLinfuray(@)+infure) (@) 7 supnra) (@)+supurs) ()
[Q'i"f’Y@(A)(ﬂf)'inf’Yﬁ(B)(37) . 2'Supu§(A)(x)'supltﬁ(m(x)]) L2 € X}
infyra)(@)+infyrz)(z)’ suppr(a)(z)+supur(s) ()
:{( [?'i;fﬂg(A() (;EJ)F'W;ME(B)((E)) Q'SUP#E(A() ()xlsup#@(a)((w))]
*Linfuray(z)+infurs)(x) 7 suppra)(z)+supprs) ()
[2 infyrca) (@) infyrs) () 1— su (J})]) ‘re X}
nfyrca)(x)+infyrs) ()’ PHR(A) :
R(A)#0R(B) = (OR(A),0R(A))#(0R(B),0R(B))
—(OR(AYAOR(A), OR(B)40R(B))
Now OR(A) = {(z, pr(a) (@), [infyra) (), 1 — supppay(z)]) 1 @ € X}
OR(B) = {(z, ur(s) (@), [infyrs) (), 1 — supprp)(z)]) 1z € X}
o 2-infura (@) infurs) (®) 2-suppra)(®)-supurs) ()
DE(A)#OEB) = {(2, [5Fiup0r) @i Frme @ suprza @) Fsupiin s ) )
[2‘inf'yE(A)(w)‘inf'yﬂ(s)(a:) 2~(1—supuE(A)(z))~(1—supuﬁ(3)(w))]) .
nfyray(@)tinfyr)(r) * (I—supppra)())+(1—suppr(s)(z))

0(
=(0(
O(R(A)#R(B)) = D{(z

x € X}
— [Q-inqu(A)(w) infups) (T) 2-suppra) (@) SUPHR(B)(JI?)]
- PLinfuray (@) +infrrs) (@) 7 suppra) (@)+suppr(s)(x) 12
2-infyp(a) (@) infyrs) () .
[P @i > L~ SuPhr() (@)]) - @ € X}

O(R(A)#LE(B)) = OR(A)#0R(B) _ _
Slmllarly we can prove that O(R(A )#R( )) =0OR(A)#0OR(B)

Consequently O(R(A)#R(B)) = OR(A)#0OR(B)
6. Similar to 5. 3.10. g

Now let us show by an example that in theorem 3.10 -(3) (4), (5) and (6) are not
true in general. For this let us take two RIVIFS A and B as stated in examples 3.2
and 3.4, i.e.

A={(1,[2,.3],[.3,.4]), (2,[.3,.7],[-2,.3]), (230, [.1,.4],[.2,.5]), (4,].5,.6],[.1,.3]),
1
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, .1), ..5}, [.3,.5]), (2,[.3,.7],[-2,.3]), (3,[.1,.5], -3, .5]), (4, [.3,.7], [.2, .3]),

—_

h
N
—

—

,[4,.6],[.2,.4]), (2,[.5,.7],[-1,.3]), (3, [ 4, .6],[.2, .4]), (4, [.5,.7],[.1,.3]),

OO aoa O
13 2
jk
Il
[\
\t—\ =

)
.;, 5, 1.2,.95)),(2,14,.7],[.1,.3)),(3,[.1,.5],[.2, .5]), (4, [ .4, .7],[.1, .3]),

D/'\
=2
Sejamiey
T'cn

, .7], [.1, .3]), (2, [.5, .8]7 [.1, .2]), (3, [.4, .7], [.1, 3]), (4, [.5, .8], [.1, .2]),
712,30, (2[4, 81, [1,20), (3, 11, 7], 12, 23]), (4, [4, 8], [1,.2)),

3
,ymuym@¢@%uﬂMMAmuﬁM@wﬁ¢hm

Ut at
<=
— NN
s~ e

HaO 0 <5
Ty

Qo
=+

r theorem 3
) =

ASEE) = ((LL1, 39 124 390, (2 35,.65] 114, 24), 3, 1, 39, 24, 3
135,651 14, 24, (5,1, 3] [ 24 39))}
(A(ASED ) = {(L.[.1,.39], [24,.61]), (2. [35,.65],[-14, .35}, (3, .1, .39, [.24, .61]),
4,[.35,.65), [.14,.35]), (5, .1, .39], [.24, .61])}
1
(5,

TE\:U
=

R(A)SOR(B)) = {(1,[.1,.39],[.24, .59]), (2, .35, .65], [.14, .35]), (3, [.1, .39], [.24, .59]),
4,1.35,.65], [.14, .35]), (5, [.1,.39], [.24, .59]) }
4,

ASR(B) = {(1,[.
[:5,.75),

HE 0F O

) = 59],1.14, .35)), (2, .5, .75], [.1,.24]), (3, [.4, .59], [.14, .35]),
1, [.4,.59], [.14,.35])}
AS$R(B)) = {(1,[4,.59],[.14, .41]), (2, .5, .75], .1, .25]), (3, [-4, .59], [.14, .41])
,.75), [.1,.25]), (5, [.4,.59], [.14, .41])}
ASOR(B)) = {(1,[.4,.59], [.14, .39]), (2, [.5,.75], [.1, .24]), (3, .4, .59], [.14, .39]),
L 75], 11, .24]), (5, 4, .59], .14, .39])}
- O(R(A)$R(B)) # OR(A)$OR(B)

.24)), (5

&D;D&

For theorem 4
O(R(A )$R( ) ={(1,[.1,.61],[.24,.39]), (2, [.35,.76], [.14, .24]), (3, [.1, .61], [.24, .39]),
(4,].35,.76], [ .14, .24)), (5, [.1,.61], [24,.39])}
<>( (A )$DR( )) ={(1,[.1,.59], .24, .39)), (2,[.35, .75], [. 14, .24]), (3, [.1, .59], [.24, .39]),
(4,[.35,.65],[.14, .35]), (5, [1 59], [.24, .39]) }
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O(R(A)SR(B)) = {(1,[4,.65],[.14,.35]), (2,[.5,.76], [.1,.24]), (3, [ 4, .65], [. 14, .35]),
(4,[5,.76],[.1,.24}),(5 [.4,.65],[.14,.35])}
O(R(A)STOR(B)) = {(1,[.4,.65],[.14,.35)), (2,[.5, .75, [.1, .24]), (3, [ .4, .65], [ 14, .35]),
(4,[.5,.75],[.1,.24]), (5,4, .65],[.14, .35])}
. O(R(A)$R(B)) # OR(A)$OR(B)

For theorem 5

R(A)#R(B) = {(1 [.1,.38],[.24,.38)), (2, ].34, .65], [.13,.24]), (3, [.1, .38], [.24, .38]),
(4, .34, .65, [.13,.24]), (5, .1, .38], .24, .38])}
D(R(A) R(B )):{( ,[1,.38],[.24, .62]), (2, [.34, .65], .13, .35]), (3, [.1, .38], [.24, .62]),
(4 [.34,.65],[.13,.35]), (5, [.1,.38],[.24, .62])}

OR(A)#0OR(B) = {(1,[.1,.38],[.24, .58]), (2, [.34, .65], [.13, .34]), (3, [.1, .38], [.24, .58]),
(4,[.34,.65],[.13, .34]), (5 [1,.38],[.24, .58])}

R(A)#R(B) = {(1,].4,.58],[.13,.34]), (2, [.5,.75],[.1, .24]), (3, [ .4, .58], [.13, .34]),
(4,.5,.75],[.1, 24}),(5,[4 58],[.13,.34])}
D(R() R(B)) = {(1,[4,.58],[.13,.42]), (2, [.5,.75], [1, .25]), (3, [ 4, .58], [13, .42]),
(4,.5,.75],[.1,.25]), (5, [ .4, .58], [.13, .42])}
OR(A )#DR( ) = {(1,[4,.58],[.13,.38]), (2, .5,.75], [.1,.24]), (3, [ .4, .58], [.13, .38]),
(4,15,.75],[.1,.24]), (5, [.4, .58], [.13,.38])

}
O(R(A)#R(B)) # OR(A)#0R(B)

For theorem 6

O(R(A)#R(B)) = {(1,].1,.62],[.24, .38]), (2,[.34,.76], [.13, .24]), (3, .1, .62], [.24, .38]),
(4,[.34,.76], [.13,.24]), (5, [.1,.62], [.24, .38])}
OR(A)AOR(B) = {(1, 1,58, .24, .38)), (2, .34, .75], [.13,.24]), (3, .1, .58], .24, .38]),
(4,[.34,.75], .13, .24)), (5, .1, .58), [24 38))}
O(R(A)HR(B)) = {(1, [ 4, 66],[.13 4)),(2,1.5,.76], .1, .24)), (3, [.4, .66], [.13, .34]),
( L, [.5,.76], [.1,.24]), (5, [ .4, .66],[.13,.34])

OR(A)ECIR(B) = {(1, [4, 65]. [.13,.34]), (2, [.5, .75], 1, .24]), (3, [ 4, .65], [.13,.34]),
(415,75, [1.24)), (5. 14, 65], [ 13, 34)

 [13,.34))}
O(R(A)#R(B)) # OR(A)#OR(B)

Example 3.11. Les us give an example where interval-valued intutionistic fuzzy
concept and rough concept appear together. Let us consider the universal set of all
faculties in colleges in a state. We define , R, if and only if  and y belong to the
same college. Then obviously this is an equivalence relation and decomposes the set
of faculties into equivalence classes, which are colleges in the state.

Let us now define two interval-valued intuitionistic fuzzy sets G and Y over the
universe as the set of ”good faculty” and ”young faculty” respectively. These two
concepts can be defined through interval-valued intuitionistic fuzzy sets. For example
a faculty = can be considered as a member of G as (z,[.4,.6],[.2,.4]) and the same
faculty can be defined as a member of Y as (z,[.2,.5],[.1,.4]). Then the following
four cases arise.

Case I- If R(G) = R(Y) then the colleges for which all the faculties are good also

have all the faculties young.

Case II- Let R(G) and R(Y') are ¢ or not ¢ together then either there is no college

which contain all good faculty or young faculty or there are some colleges which

contain all good faculties or all young faculties. Unlike case-I, here the set of colleges
122



Anjan Mukherjee et al./Ann. Fuzzy Math. Inform. 9 (2015), No. 1, 111-123

may not be same.

Case III- If R(G) = R(Y) then the set of colleges which have at least one good
faculty is same as the set of colleges which have at least one young faculty.

Case IV- If R(G) and R(Y) are U or not U together. If both are U then all the
colleges have at least one good faculty as well as at least one young faculty. If both
are not U it implies there are some colleges which do not have any young faculty
and there some colleges which do not have any good faculty. Unlike case- III, here
the same colleges may not have this feature.

4. CONCLUSIONS

In this paper we combine two different theories rough set theory and interval-
valued intuitionistic fuzzy set theory and define the notion of rough interval-valued
intuitionistic fuzzy sets. Just like rough set theory, interval-valued intuitionistic
fuzzy set theory addresses the topic of dealing with imperfect knowledge. Recent
investigations have shown how both theories can be combined into a more flexible,
more impressive framework for modeling and processing incomplete information in
information systems.
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